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GENERATIVE ARTIFICIAL INTELLIGENCE AND ASSESSMENT  
 

As Generative Artificial Intelligence (GenAI) tools become more prevalent, universities are faced with 

the challenge of preparing students for a future where these technologies will play a significant role 

in the workplace. At the University of Reading (UoR), students are already engaging with GenAI tools 

for assignments and exam preparation, revealing both opportunities and concerns.  

To address these complexities, UoR has developed a three-category approach for integrating GenAI into 

assessments: Category 1 prohibits any GenAI use, ensuring independent demonstration of knowledge; 

Category 2 permits GenAI as a tool to aid development of the assessment, but does not credit or assess 

GenAI use by students; and Category 3 actively encourages and evaluates GenAI use, aiming to build critical 

AI literacy and ethical awareness. This structured approach seeks to balance the need for AI proficiency with 

the imperative of maintaining academic integrity and genuine skill development.  

 

Using GenAI in assessments: striking a balance 
GenAI tools are becoming integral in the modern workplace, and 

it is crucial that our assessments reflect this shift to prepare our 

students effectively. According to the World Economic Forum's 

"Future of Jobs Report 2023," 75% of companies are expected to 

adopt AI by 2027. This underscores the importance of students 

developing their AI literacy: 

“AI literacy is the ability to recognize, grasp, use, and critically assess 
artificial intelligence technologies and their impacts” 

(Jones, 2024, para. 3).  

 

Purposefully integrating GenAI use into our assessments not only 

reflects the aims of the University’s Position Statement on GenAI, but 

also demonstrates to our students that we take seriously the 

responsibility of equipping them with the ability to use AI appropriately, 

ethically, and with critical evaluation. The significance of “human 

oversight” in working with GenAI tools is frequently cited across many 

sectors, particularly in roles involving complex problem-solving and 

ethical decision making (WEF, 2023).     

Of course, there are instances where we must ensure that students 

can know and do things ‘on their own’ – articulating their 

understanding and demonstrating skills without relying on GenAI. This 

is not only to assure learning and maintain institutional academic 

standards, but arguably and more importantly, to ensure that we do 

not send our students out into the world without having truly acquired 

knowledge and skills on their own. This is the goal of education.  

Indeed, some workplaces prohibit or strictly regulate the use of GenAI 

tools, so students must be prepared to work without depending on 

them. Furthermore, independent learning provides a solid basis for 

GenAI literacy and criticality – the latter cannot exist without 

foundational knowledge and understanding. 

The rapidly increasing variety, accessibility and pervasiveness of 

GenAI tools compound matters. With growing time pressures and 

societal issues like the cost of living crisis, there is a growing tendency 

amongst many to use GenAI tools to boost efficiency and productivity. 

It is realistic to argue that this 

tendency extends to our students, 

who may, as a result, over-rely on 

GenAI to complete their 

assessments. This situation risks 

undermining skill development, 

‘harming learning’ (Bastani et al., 

2024) and, given the current 

unreliability of AI detectors, could 

lead to awarding marks for work 

not done by students, damaging 

academic standards.  

A study conducted at Reading 

(Scarfe et al. 2024) demonstrated 

this risk, showing that 100% 

GenAI-written exam submissions 

were virtually undetectable and 

robustly outperformed real student 

submissions. 

 

Assessments: a balance between 

exploiting the benefits of GenAI for 

education, and assuring student 

learning.  

 

https://www.reading.ac.uk/cqsd/-/media/project/functions/cqsd/documents/qap/position-statement-on-gait.pdf?la=en&hash=9305785502CAF0D4D7981D172B055197&hash=9305785502CAF0D4D7981D172B055197
https://journals.plos.org/plosone/article?id=10.1371/journal.pone.0305354
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As educators we have a responsibility to develop and implement a 

balanced approach in our assessments. This approach should enable 

students to develop skills in using and critically evaluating GenAI tools 

and their outputs, while ensuring they can demonstrate achievement 

of the learning outcomes on their own. 

“The relationship between evaluative judgement and generative AI is 
more than just the application of human judgement to machine 
outputs. We have a collective responsibility, as educators and 

learners, to ensure that humans do not relinquish their roles as 
arbiters of quality” (Bearman et al. 2024, p.1) 

 

How are students using GenAI for assessments? 
Students at the University of Reading (UoR) are already using 

GenAI tools when working on assignments and preparing for 

exams. A recent study by Freeman (2024) polled 1250 UK 

undergraduate students and found that more than half used GenAI 

to help with their assessments: 

Many UoR students attest that GenAI tools help them study more 

efficiently and increase the factual and technical accuracy of their 

work. They are relying on these tools to find information about their 

subjects, to develop their understanding of key concepts, and to 

generate new ideas. Students with Specific Learning Differences claim 

that GenAI tools have helped them improve their submissions and 

study practices considerably. Nonetheless, though they are willing to 

use these tools, students at Reading are not as confident in their 

ability to use them effectively.  

We need to equip students with the skills and understanding to know 

when and how they can use GenAI in the completion of assessments. 

Clear shared expectations are critical so that our students know when 

and how they can use GenAI (and why). This helps them avoid using 

GenAI in a way which would constitutes academic misconduct. 

Student are concerned by GenAI’s impact on assessments and their 

career prospects. Most are aware that the tools have limitations, and 

they recognise that GenAI cannot substitute their own independent 

judgement. Others believe that these tools will give some students an 

unfair advantage, particularly those who can afford to pay for the 

benefits of more advanced subscription models. More broadly, some 

students worry about the impact GenAI will have on their future 

employability. 

Listening to our students, it is clear that they are looking to us to help 
them develop their ability to use GenAI tools ethically and effectively. 
In the context of assessments, students want clear instructions on 
how and where GenAI use is appropriate and permitted according to 
UoR policy (as is described over the next few pages).  
 
Please read on and also refer to our guidance on Supporting your 
students with GenAI to help you be prepared to communicate with and 
support your students.  

 

“More than one-in-eight students 
(13%) use generative AI to 

generate text for assessments, but 
they typically edit the content 

before submitting it. Only 5% of 
students put AI-generated text into 

assessments without editing it 
personally” – (Freeman, 2024, p.1)  

Colleagues can also signpost their 

students toward student-facing 

GenAI guidance freely available 

online including: 

 

• UoR Study Advice guide on 

GenAI and University Study 

• GenAI for Students: Ethics & 

Academic Integrity online 

course from University of 

Glasgow 

• FutureLearn course on 

Generative AI in Higher 

Education from Kings College 

London  

• LinkedIn Learning GenAI 

courses (free to university staff 

and students) – features AI-

powered chatbots to help find 

the best online course. 

 

  

https://www.reading.ac.uk/cqsd/-/media/project/functions/cqsd/documents/qap/9a-gait-aiam.pdf?la=en&hash=0B446CE204FAC1102A5B83B54E974628
https://www.reading.ac.uk/cqsd/-/media/project/functions/cqsd/documents/ade/supporting-students-with-genai.pdf?la=en&hash=0590AC89F6779A141B6E8D7FA0EEAE9B
https://www.reading.ac.uk/cqsd/-/media/project/functions/cqsd/documents/ade/supporting-students-with-genai.pdf?la=en&hash=0590AC89F6779A141B6E8D7FA0EEAE9B
https://libguides.reading.ac.uk/generative-AI-and-university-study
https://www.coursera.org/learn/generative-ai-for-students-ethics-and-academic-integrity
https://www.coursera.org/learn/generative-ai-for-students-ethics-and-academic-integrity
https://www.kcl.ac.uk/short-courses/generative-ai-in-he
https://www.kcl.ac.uk/short-courses/generative-ai-in-he
https://www.linkedin.com/learning/
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How GenAI is ideal for formative assessments  
GenAI tools offer innovative ways to support formative assessment, 

aligning with the Assessment for Learning (AfL) principles. These tools 

allow students to both practice and enhance their proficiency with 

GenAI technology, while also learning to critically assess the outputs 

produced. Integrating GenAI into formative assessments promotes the 

idea of having a ‘guide on the side’ or a more personalised learning 

experience. The natural language processing that underpins GenAI 

tools such as ChatGPT means that people can dialogue with the tools 

in a way that fosters inquiry, curiosity and learning.  

ChatGPT tutors 
Freeman’s 2024 study revealed that 36% of students use ChatGPT as 

an 'AI private tutor,' helping them grasp complex concepts. Lecturers 

can further customise GenAI’s by embedding specific data files 

(sourced from platforms like Blackboard) into a ‘Knowledge’ area that 

the model references when prompted. This creates a tailored ‘AI 

academic tutor’ that can be easily set up without knowledge of 

programming skills, allowing both students and staff to query it for 

information. For instance, a lecturer could ask, "I’m preparing for a 

lecture; can you suggest a question from last week’s lecture to help 

my students recall key points about X, Y and Z?" 

The advantage of customised GPTs is that lecturers maintain control 

over the information used to generate responses, mitigating concerns 

about the AI ‘hallucinating’ – a phenomenon where the AI fabricates 

convincing but inaccurate information. By ensuring the AI only 

responds based on known data, the risk of misinformation is reduced. 

This “curated” type of GenAI can also aid in developing assessments 

which embed and exploit GenAI (see the three categories of 

assessment below) 

 

Benefits for students 
Engaging with a GenAI tool such as ChatGPT as a tutor offers 

students the freedom to ask unlimited questions without worrying 

about the potential to exasperate (!) a human tutor, who may be 

juggling heavy workloads. Prompting and working iteratively with 

GenAI also aligns with the ancient Socratic method of learning by 

asking questions, enabling students to deepen their understanding. 

In addition, a GenAI tutor can help level the playing field for students 

who may not have easy access to expert guidance. While some may 

argue that paid subscriptions to more advanced and/or faster GenAI 

tools could create an advantage, these higher-end versions are 

becoming increasingly accessible.  

Encouraging students to engage with GenAI tools in a formative 

context is akin to "dipping a toe in the water" before fully integrating 

these tools into summative assessments. This gradual approach not 

only builds confidence but also hones students' evaluative judgement 

skills (Bearman et al., 2024). 

 

Experiment with GenAI and other 
tools which could be used for 
formative learning 
 
Some examples to get started 
including:  
 
1. Ask Consensus a question such as 
“Is there a link between COVID-19 
and fibromyalgia?”. Evidence based 
answers are provided with links to 
relevant scientific literature and other 
sources. Key findings are extracted 
provide a ‘consensus’ answer, 
alongside metrics such as number of 
papers analysed, confidence levels 
and supporting studies. 
https://consensus.app/ 
 
2. Using the AI tools in Grammarly to 
improve spelling, punctuation, 
grammar and overall writing style. 
https://www.grammarly.com/ 
 
3. Explore the use of Microsoft 
Copilot which can be integrated into 
Microsoft apps such as Office, Excel 
and Powerpoint. 
https://copilot.microsoft.com 
 
4. Use Canva to create slide 
presentations of a given topic which 
can be edited and improved.  
https://www.canva.com 
 
5. GenAI-powered coding agents to 
help fix bugs and issues e.g. SWE-
agent 
https://princeton-nlp.github.io/SWE-
agent/  
 
6. Wolfram Alpha – whilst not an AI, 
can answer questions, solve 
equations, provide data analysis and 
generate reports on a wide range of 
academic subjects not just STEM 
https://www.wolframalpha.com/  
 
7. Khanmigo (Khan Academy) – 
provides targeted support in maths, 
science and humanities through step-
by-step problem solving and 
personalised quizzes, adapting to 
student’s learning pace and offering 
feedback https://www.khanmigo.ai/  
  
Overall, explore the diversity and 
scope of the available AI tools at sites 
such as https://theresanaiforthat.com  

 

 

https://www.reading.ac.uk/cqsd/-/media/project/functions/cqsd/documents/ade/tandl-resources/prp-formative-assessment-and-feedback.pdf?la=en&hash=233271404745B31B77DEE2955AB0ECAD
https://consensus.app/
https://www.grammarly.com/
https://copilot.microsoft.com/
https://www.canva.com/
https://princeton-nlp.github.io/SWE-agent/
https://princeton-nlp.github.io/SWE-agent/
https://www.wolframalpha.com/
https://www.khanmigo.ai/
https://theresanaiforthat.com/
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THREE CATEGORIES OF GENAI USE FOR ASSESSMENTS  
The Assessment Design section of the University’s Assessment Handbook (available at 

https://bit.ly/GenAIcategories) outlines the three-category framework for using GenAI in summative 

assessments at UoR: 

Category 1: Independent work 

GenAI tools may not be used.  

– students must demonstrate their own knowledge and skills without GenAI assistance. 

Category 2: GenAI-supported 

GenAI tools can be used to support student learning and development. 

– it is the choice of the student as to whether they use GenAI to brainstorm, plan or refine, but the 

final submission must be in the student’s own words and GenAI use is not assessed. 

Category 3: GenAI-integrated 

GenAI use is actively encouraged to help students develop their skills in the use of GenAI tools and 

understand how their use can be incorporated into assessment tasks.  

– purposeful GenAI use is required and assessed (e.g. quality of prompts, critical evaluation of 

outputs). 

Please ensure that these categories are used without amendments to ensure consistent messaging across 

the university. 

 

Balancing the categories 

In relation to the University’s position statement on GenAI, summative 
assessments should balance two key aspects:  
 
1) Provide assurance of learning, maintaining high academic 
standards and integrity (Category. 1).  
2) Enable students to develop critical AI literacy skills and use GenAI 
tools effectively and ethically (Category 2 & 3). 
 
Therefore, it is important to adopt a balanced approach to using 
GenAI tools in summative assessments, avoiding over-reliance on any 
single category to ensure that the key aims and purposes of the 
University’s position statement are met. 
 
The appropriate balance for each category will vary based on the 
specific needs of the discipline, degree programme, and individual 
modules. 

 

 

 

 

 

Thinking 

programmatically 
Taking a holistic, programme 

team-based approach to 

designing and planning teaching, 

learning and assessment plays a 

pivotal role in the success of 

University programmes. 

Programme teams are strongly 

encouraged to collaborate when 

considering the three categories of 

GenAI use in their Programme’s 

summative assessments. Doing 

so will help support an inclusion by 

design approach and share good 

pedagogical practice. 

The University’s Programme 

Handbook template has recently 

been updated (July 2024) and this 

now incorporates clearer and 

improved sections on GenAI in 

assessments. Please refer to 

Page 30 of the template which is 

available online at 

https://bit.ly/UoRProgHandbook  

https://bit.ly/GenAIcategories
https://www.reading.ac.uk/cqsd/-/media/project/functions/cqsd/documents/qap/position-statement-on-gait.pdf?la=en&hash=9305785502CAF0D4D7981D172B055197&hash=9305785502CAF0D4D7981D172B055197
https://bit.ly/UoRProgHandbook
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Communicating with Students 
• The Category framework is explained for students here: 

https://www.reading.ac.uk/essentials/Study/ai/Using-Gen-AI-in-your-assessments  

• Students must be informed as to whether they can use GenAI in their learning and assessment for a 

module. 

o If this information is absent, students are to assume that their assessments are Category 1 by 

default (GenAI may not be used). 

• Each relevant assessment of the module will have an Assignment brief, which should have a section on 

GenAI use, clearly communicating to students how (and where) GenAI should (or should not) be used.  

o It may be that parts of the assessment permit GenAI use, whereas other parts do not and this can 

be explained on the Assignment brief. 

• If the assessment requires a specific GenAI tool(s), this should also be stated in the Assignment brief. 

• For Category 2 and 3 assessments that permit GenAI use, students will be required to complete a short 

Statement of GenAI use, acknowledging how they have used GenAI. 

Template sections with recommended wording that communicate GenAI use in assessments for 
incorporation into  Assignment Briefs are available to download from the following link: 
https://bit.ly/GenAIBriefSept24 
These also appended to the end of this guide on page 14. 

 

CATEGORY 1 - GENAI CANNOT BE USED 

Assurance of independent learning  
Category 1 assessments are those in which it can be guaranteed to a 

high degree of certainty that students have not been able to use GenAI 

in their completion. Category 1 assessments tend to be supervised 

assessments because for these, it is usually obvious and evident that 

GenAI tools have not been used by students to undertake them.  

 

Category 1 assessments are there to guarantee that GenAI was not 

used in their completion  

 Category 1 assessments should target higher levels of Bloom’s 
Taxonomy (Bloom, 1956) by focusing on skills like analysis, 
evaluation, and creation. Rather than just testing memory, these 
assessments should measure critical thinking and the application of 
knowledge in real-world contexts, ensuring students engage in more 
advanced cognitive processes. 

Examples of Category 1 

assessments include: 

1. Oral presentation or viva. 

2. Clinical skills exam (e.g. 

Objective Structured Clinical 

Examinations – “OSCEs”). 

3. Open-book in-person exams 

where students have access to 

curated materials and 

resources (e.g. digital 

accountancy exams where 

students can use a pared-

down version of MS Excel and 

have access to carefully 

selected accountancy 

reference materials online, 

thus mitigating a ‘learning by 

rote’ approach). See also 

resource by Frankowska-

Takhari & Partington (2024). 

4. In-person demonstration of 

skills e.g. laboratory practical 

skills or advocacy skills 

(Mehta, 2024). 

5. Remotely proctored exams 

(with option to lockdown 

browsers – e.g. assessing the 

English language and written 

skills of students in different 

countries prior to embarking on 

a programme of study in the 

UK).

https://www.reading.ac.uk/essentials/Study/ai/Using-Gen-AI-in-your-assessments
https://bit.ly/GenAIBriefSept24
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Category 1 assessments can 

involve “authentic” tasks one 

would encounter in a professional 

discipline, provided they cannot be 

easily completed by AI 

Category 1 case for need - 

current GenAI tools can: 

• Easily complete authentic 

assessments which are 

centred on carrying out tasks 

which a professional in the 

discipline would undertake.  

• Base answers on materials 

uploaded e.g. answer a 

question based upon an 

uploaded reading list or 

assignment brief. This includes 

uploaded image, audio and 

video.  

• Search the internet live for 

references and sources and 

provide links to the sources 

used e.g. in the form of a 

reference list - this negates the 

issue of AI “hallucinating” non-

existent materials and facts. 

• Base answers on experiences 

it could not possibly have had 

e.g. “reflecting” upon what it 

has learnt from and the 

benefits and challenges of a 

work placement. 

• Provide step-by-step 

explanations for how its 

answer was developed or why 

it has selected some answers, 

or made some conclusions, 

over others. 

1) Practical example of a Category 1 assessment 

The Academic Practice Programme (APP) at the UoR required new 
academic staff to produce a substantial portfolio to demonstrate 
engagement with key criteria and learning outcomes. Preparing these 
portfolios was time-intensive for participants, and marking each 
portfolio took around 50-60 minutes, with additional time needed for 
moderation. 
 
The APP team sought a more engaging and community-focused 
alternative, replacing the portfolio with a professional dialogue. This 
format allows participants to present and discuss their learning and 
impact on student experience with course team members. The 
dialogue consists of: 

• Presentation (0-15 minutes): Participants present two cases 
illustrating their academic practice's impact, mapping them against 
criteria with relevant evidence. 

• Discussion (15-30 minutes): A 15-minute discussion follows, 
allowing for questions and clarifications from course team 
members. 

• Marking (30-45 minutes): The dialogue is recorded for quality 
assurance, with live or asynchronous moderation. Personalised 
feedback is facilitated using Microsoft Forms. 

 
While students can use GenAI tools in a formative way to help prepare 
for the assessment, the professional dialogue itself remains a 
Category 1 assessment, focusing on evaluating participants' fulfilment 
of learning outcomes through meaningful engagement and evidence-
based discussion. 

 

Category 1 assessments mitigate some of the negative 

effects of GenAI 
In addition to ensuring academic integrity, Category 1 assessments 

exist to balance out some of the issues and challenges involved in 

developing assignments which do allow for GenAI use (i.e. Category 

2 and 3 assessments – as described later on). There are some clear 

concerns about the effects of GenAI, ranging from the potential to 

“harm” student learning (Bastani et al., 2024), the notion that GenAI 

tools such as ChatGPT are deliberately programmed to deceive or 

mislead (Hicks et al., 2024) to implications surrounding the 

phenomenon of GenAI ‘model collapse’ (Shumailov et al., 2024).   

“Model collapse” 

In their 2024 study published in Nature, Shumailov et al. found 

that large language models (LLMs) and other GenAI models, 

when trained on data produced by earlier versions of these 

models, can develop significant defects - model collapse – 

which causes the models to progressively lose information 

about the original data distribution, leading to diminished 

variance and increasingly homogenised outputs. 

 

 

https://en.wikipedia.org/wiki/Hallucination_(artificial_intelligence)
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Moving away from time-limited online exams 
In response to concerns about academic integrity risks associated with 

GenAI technologies, as highlighted in external examiners' reports, the 

University has started to phase out time-limited, online exams. 

From 2025/26, exams will be conducted in controlled 

environments where AI use can be effectively limited, whether 

through in-person settings or rigorously designed assessment 

formats. This shift aligns with the University's commitment to 

balancing the educational benefits of AI with the need to 

maintain high academic standards and safeguard the integrity 

of assessment outcomes. 

 

Category 1 assessments and inclusivity 
Category 1 assessments often include traditional assessment types, 

such as in-person exams, which can pose challenges for inclusivity. 

Scaffolding strategies can greatly improve the accessibility and 

fairness of all assessments, but particular attention should be given to 

those in Category 1 due to their inherent challenges. While GenAI has 

highlighted the need for more inclusive assessment practices, it also 

provides opportunities to address these challenges (Compton, 2024). 

Implementing a balanced, programmatic approach that includes 

scaffolding and varying assessment types can help create a more 

inclusive environment for all students. CQSD staff are happy to 

support you with this and have developed guidance on how to develop 

a variety of assessments to support inclusive learning: 

https://bit.ly/3MHdEpv  

 

CATEGORIES 2 AND 3 – GENAI CAN BE 

USED 

Assessments that encourage GenAI literacy and 

criticality 
Category 2 and 3 assessments are almost always those that are 

unsupervised, meaning that students can carry out their assignments 

on their own and without any sort of invigilation. Unsupervised 

assessments are typically coursework assignments that offer a more 

flexible time-scale for completion and include a wide variety of 

assessment types and instruments. The University’s support for 

GenAI technologies, which includes requiring students to engage with 

them to build AI literacy and critical thinking skills, is reflected in the 

use of Category 2 and 3 assessments. 

 

What’s the difference between Category 2 and Category 3? 
Category 2 and 3 assessments both permit the use of GenAI and both 

require students to declare how they have used GenAI (through a 

written statement of acknowledgement – please see Assignment Brief 

template appended for recommended wording). There are however 

some clear distinctions between the categories: 

Category 2 – students choose to 

use GenAI to support their 

learning and development toward 

a particular assignment, provided 

they already have some initial 

work or ideas of their own:  

• Students might use GenAI to 

brainstorm ideas, prompt and 

ask questions, use it as a 

'soundboard' for initial 

thoughts, plan the structure of 

a written task or improve and 

develop something they have 

already created.  

• However, this is not a license 

to copy and paste verbatim 

what GenAI produces. 

• Students are expected to 

critically evaluate and refine 

the GenAI output to ensure it 

supports their own work.  

• Any use of GenAI must be 

acknowledged via a written 

statement prior to submission, 

but it will not be credited or 

evaluated. 

 

Category 3 -  demonstrating AI 

literacy forms part of the grade.  

Students can choose either: 

• Active use – students actively 

engage with GenAI 

themselves, create their own 

prompts, explain why they 

accepted or rejected the 

GenAI tool's responses etc, or 

• Critical review - if students 

prefer not to generate content 

on moral / ethical grounds, 

they may work with GenAI 

outputs that are already 

publicly available / provided by 

you, and focus on analysing 

their reliability, bias etc. 

• Assessment criteria for 

Category 3 assignments are 

designed to measure a 

student’s ability to discern and 

assess the quality of GenAI 

outputs and/or GenAI 

processes (e.g. the art of 

‘prompt engineering’).  

https://bit.ly/3MHdEpv
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Case for need: developing evaluative judgement 
In their recent study, Bearman et al. (2024) argue that assessment 

practices can be designed in such a way as to help students learn to 

work productively with GenAI, acknowledging the urgent need to 

develop students’ evaluative judgement where working with GenAI 

outputs occurs practically on a daily basis. 

A study by Freeman (2024) reinforces this argument since it found that 

more than a third of students who used GenAI did not know how 

often it produced made-up facts, statistics or citations 

(‘hallucinations’). 

Category 2 and Category 3 assessments, where GenAI can be used, 

offer a way for us to support and assess the development of our 

students’ skills in developing their evaluative judgement. It is essential 

that this fact be communicated to students as they embark on their 

assignments. Support your students to understand the consequences 

of using GenAI uncritically. 

“Developing evaluative judgement means building the ability to critically 
reflect on information [output from GenAI] which is superficially 

persuasive… One of the dangers of GenAI is that those with poor 
understandings – and hence an inability to make good evaluative 

judgements – will uncritically rely on inappropriate outputs” – Bearman et 
al., 2024, pg 5 

 

Leveraging (current) GenAI vulnerabilities 
If we consider the typical trajectory of new technologies, it is likely that 

the initial excitement around GenAI, which surged after ChatGPT's 

launch in November 2022, has peaked. Gartner Research published 

their Hype Cycle for AI in June 2024, demonstrating that AI has moved 

beyond the ‘peak of inflated expectations’ and into the ‘trough of 

disillusionment’ (Howard, 2024).  

Thus it seems we are now entering a phase where knowledge about 

the actual capabilities and limitations of GenAI are becoming more 

widespread, with the realisation that the vast majority of our daily 

contexts, situations and interactions require significant human 

judgement and oversight, ethical considerations and empathetic 

understanding – areas where AI falls short. For us as educators, this 

is encouraging news. It highlights the importance of our role in 

ensuring quality and guiding our students toward developing their own 

skills in critical thinking and evaluation. 

As GenAI tools become more widely used, their outputs are 

developing recognisable patterns. It is essential to be transparent 

about these hallmarks – not to detect GenAI use for the purposes of 

catching students out, or to gather evidence for academic misconduct 

cases, but rather to cultivate better AI literacy and discernment in an 

increasingly AI-driven world.  

 

 

 

Some common hallmarks of 
GenAI outputs include: 

• Observable resurgence / use 
of certain words or phrases 
e.g. "meticulous" or "delve 
into" (Gray, 2024). 

• Overly enthusiastic tone that 
resembles a sales pitch 

• Lack of specificity and critical 
analysis: While GenAI can 
summarise or regurgitate well-
known information, it struggles 
with critically analysing 
complex scenarios, leading to 
outputs that echo popular 
opinions without meaningful 
critique. 

• Verbose, excessively wordy. 

• Inconsistency in depth: Some 
sections may appear well-
developed while others are 
overly brief. 

• Repetition of similar phrases or 
ideas - due to the model 
attempting to reinforce points 
or struggling to provide varied 
answers. 

• North American spellings and/ 
or cultural references, 
statements or cliches.   

• Formulaic structure / 
formatting: Output follows a 
predictable structure 
(introduction – body – high-
level summary/conclusion) 
with capitalisation on each 
word of a section heading. 

• Patently incorrect output 
(“hallucinations”) presented / 
asserted in a confident and 
convincing way. 

• Outputs are contradictory, 
sometimes within the same 
chat session. Output is based 
on / can lead to circular 
arguments. 

• Surface-level reasoning: 
Despite generating content 
that appears coherent, GenAI 
might miss the deeper 
implications or fail to grasp 
context-specific subtleties. 

• Transitions between ideas or 
paragraphs might feel abrupt 
or disjointed.  
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Research articles and ChatGPT 
A recent study at the University reveals some practical vulnerabilities 
of GenAI tools (such as ChatGPT) with respect to how they process 
research articles (Lindsay, 2024).  
 
These findings are particularly relevant because many unsupervised 
assessments require students to engage with a body of literature, 
including original research articles. However, in this GenAI-era,  a 
major concern is that students may over-rely on tools such as 
ChatGPT to summarise articles, thereby bypassing the need to read 
them thoroughly. This reliance could undermine the development of 
essential academic skills. However, this risk is based on an 
assumption that ChatGPT automatically processes all aspects of a 
given research article, which presently is not the case. 
 
At Reading it has been shown that ChatGPT-4o is ineffective in 
providing an in-depth summary of research articles since it does not 
automatically process several key aspects of a research article: 

• Figures (it cannot parse images unless from a URL) 

• Tables 

• Equations 

• References  
 
ChatGPT is only capable of processing these aspects if they are 
presented as individual files within separate prompts (Lindsay, 2024). 
It can be argued that if this strategy is employed for all figures, tables, 
equations etc within an article, then engagement with the GenAI 
outputs that follow would likely be akin to having read the article in the 
traditional way! 

 

Regaining control 
Category 2 and 3 assessments offer a way for us to regain some 

element of control in this “wild west” era of AI. We understand that 

students must develop evaluative judgment skills to assess the quality 

of GenAI outputs. However, this is only achievable if they grasp what 

"good quality" truly means. As educators and subject matter experts, 

we play a crucial role in helping students understand quality by sharing 

valuable context and experiences that GenAI cannot offer. We can 

guide students in engaging with our specialised knowledge through 

purposeful discussions about assessment criteria, standards, and by 

referring to models and exemplars to encourage comparison with 

GenAI (and other) outputs: 

 

Integral components of evaluative 

judgement (taken from Boud, 2024) 

How can I effectively 

integrate GenAI use into 

my assessments? 
Integrating GenAI use into your 

assessments will require you to 

consider questions such as: 

• What do I know about GenAI? 

What do my students know 

about it? How can I ensure that 

we all have a shared 

understanding of how GenAI 

can be used for the 

assessment? 

• Am I focusing on existing 

assessments or is there a 

rationale to start afresh and 

design new ones?  

• Do the assessments need to 

integrate GenAI at the 

Category 2 or Category 3 

level? In other words, should 

GenAI use within the 

assignments be evaluated for 

and credited in some way? If 

yes → Category 3 

• How do my Category 2/3 

assessments link to the 

Category 1 assessments (of 

the same module) where 

GenAI use is not permitted? 

For example, could my 

Category 2/3 assessments 

help to prepare the students in 

some way for the Category 

ones?  

• Are there any specific learning 

outcomes or skills that my 

students could develop 

through meaningful interaction 

with GenAI tools?     

Provided that an appropriate 

balance exists between 

Category 1 and Category 2/3 

assessments, how exactly you 

choose to integrate GenAI into 

your assessments is your 

choice and will naturally vary 

across subject disciplines.  
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CQSD has a range of guidance to 

support assessment design, 

planning and implementation, 

please see: 

https://www.reading.ac.uk/cqsd/te

aching-resources   

Colleagues in CQSD are also 

happy to work with you and your 

module / programme teams to 

support how you can practically 

integrate GenAI into your 

assessments.  Please also refer to 

a recent workshop presented at 

the T&L Summer Event called 

Exploring practical ways to 

integrate Generative AI into 

assessments: 

bit.ly/GenAIWkshopTandL24  

 

Category 2: GenAI tools 

can be used to support 

student learning and 

development  
Category 2 assessments permit 

students to use GenAI tools to 

support and develop their work, for 

example: 

Preparation stage – students use 

GenAI to help them research 

information, find sources, 

brainstorm ideas or provide an 

outline structure for their writing. 

Writing stage – GenAI can help 

students when they are stuck with 

how to write something e.g., a 

tricky sentence which they are 

struggling to formulate. GenAI can 

also be used to help students get 

critical feedback on their approach 

/ idea or ‘debate’ their ideas to 

make them stronger. 

Finalising stage – GenAI can 

help students identify errors in 

their work or to reduce the amount 

of text to meet a specific word 

count. Much of the GenAI 

capabilities around finalising work 

are similar to pre-existing tools 

such as spelling and grammar 

checkers e.g., Grammarly.  

2) Practical example of a Category 2 assessment 

Second-year undergraduate students studying a Machine Learning 
and Data Science module are assessed through a report-based 
coursework assignment. The learning outcomes to be evaluated in 
this assignment are: 
 

• Demonstrate proficiency in Python programming for data science. 

• Apply and evaluate machine learning models, contextualising results 
with relevant scientific literature. 

• Analyse data distributions and statistical principles to inform model 
selection and preprocessing. 

• Explain the bias-variance trade-off and address overfitting and 
underfitting in models. 

 
Teaching of this module takes place across 12 weeks in Semester 1. 
Students will be introduced to the coursework in weeks 2/3 and will 
be expected to submit it around weeks 7/8. The coursework will focus 
on early-taught content but will serve as a foundational project for the 
Category 1 (supervised) assessment which takes place after week 12.  
The module assessment is weighted 60% on the coursework and 
40% on the Category 1 assessment, which has been deemed an 
appropriate balance for ensuring students can demonstrate both 
independent learning and skills in evaluative judgement with AI/digital 
criticality. 
 
The coursework project requires students to apply basic machine 
learning models and evaluate them in a structured project format. By 
weeks 6/7, students should have developed a solid foundation in 
Python programming, error handling, data exploration, preprocessing, 
and basic machine learning models thus enabling them to complete 
the coursework, where the assessment criteria* is set out as follows: 
 
• Exploration and appropriate preprocessing of selected dataset (30%) 

• Implementation of at least 2 machine learning models and evaluation of 
their performance (30%) 

• Bias-variance analysis of chosen models based on performance (20%) 

• Engagement with relevant scientific literature to justify model selection 
(20%) 

 
* Note that the assessment criteria have been purposefully aligned to the 

learning outcomes (please refer to our guidance on Constructive alignment). 
 
Students will receive feedback on their coursework around weeks 
9/10, enabling them to build on their understanding when more 
complex topics are introduced and prepare ahead of the Category 1 
assessment.  
 
Students can use GenAI tools to support the development of their 
coursework if they wish, though any GenAI use must be 
acknowledged as described in the assignment brief. In this example, 
students might use GenAI to:  
1. Ask for an explanation of how a particular Machine Learning 

model works. 
2. Explore how to evaluate model performance based on an 

imbalanced dataset. 
3. Ask for assistance in clarifying a paragraph they have written that 

is attempting to describe the results of a model’s performance. 
4. Ask GenAI tools to challenge their choice of evaluation metrics. 

   

https://www.reading.ac.uk/cqsd/teaching-resources
https://www.reading.ac.uk/cqsd/teaching-resources
https://www.reading.ac.uk/cqsd/teaching-and-learning/inclusive-teaching-and-assessment-in-the-age-of-generative-ai-2024
https://bit.ly/GenAIWkshopTandL24
https://www.reading.ac.uk/cqsd/-/media/project/functions/cqsd/documents/ade/tandl-resources/prp-aligning-teaching-learning-and-assessment.pdf?la=en&hash=F30620106CC3CCD88D908E350B46EA79
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Category 3: Crediting students for effective GenAI 

use in their assessments 
Like Category 2 assessments, students are permitted to use GenAI 

for Category 3 assessments. However, in Category 3, students are 

rewarded through assessment criteria that credit their ability to 

evaluate GenAI outputs and processes.   

When setting Category 3 assessments, it is worthwhile considering 

how you might reward students for demonstrating the process they 

have undertaken in using GenAI to complete their assessment (i.e., 

the product). The idea that assessment should be part of an ongoing 

learning process and not simply an endpoint (Boud & Soler, 2016) is 

also key to taking an Assessment for Learning (AfL) approach. AfL 

naturally supports the integration of formative feedback, as its 

continuous nature allows for the inclusion of formative 'check-in points' 

at key stages of the assessment process, which students find valuable 

(please refer to our guidance on Formative Assessment and Feedback 

to learn more). 

 

3) Practical example of a Category 3 assessment 

Drawing on the previously described Data Science and Machine 
Learning module to practically illustrate Category 2 assessments, our 
learning outcomes are slightly modified, with an additional one that 
incorporates the use of GenAI tools:   
• Critically evaluate the processes and outputs of your use of different 

GenAI tools during the module, assessing and reflecting on the impact 
GenAI has on coding practices and data science. 

 

The module assessment integrates a continuously monitored project 
(Category 3) that accounts for 80% of the final grade, and a supervised 
(Category 1) in-person presentation of the project that takes place in 
weeks 12–15, accounting for 20% of the final grade. The project will 
have specific milestones at weeks 4, 8 and 11 to help students stay 
on track and receive feedback. Feedback will be offered and received 
in a variety of ways (in-class verbal, between peers and written) to 
enable continuous self-evaluation.   
 
The assessment criteria for the continuous project are: 
• Efficient Python coding that is clear, concise and well-documented with 

effective use of error handling and debugging techniques, evidencing 
integration of GenAI tools to assist coding or optimise processes  (30%) 

• Data exploration and model selection based on data distribution and 
features, reflecting on the use of GenAI tools to support data 
preprocessing (30%) 

• Model implementation and evaluation, integrating relevant scientific 
literature to contextualise model choices and appropriate use of 
performance evaluation metrics (20%) 

• Critical reflection on GenAI use, describing a selection of insights 
regarding comparison of GenAI tool outputs with other sources of 
information and reflecting on the ethical implications of these (10%) 

• Coherence and presentation of findings (10%) 

 

A Note About Generative 

AI Detection Tools 
With the nature of AI-generated 

content changing rapidly, caution 

should be applied to the use of any 

‘ AI detector’. For example, Open 

AI (the creators of ChatGPT) 

launched a tool to distinguish 

between AI-written and human-

written text but withdrew it due its 

low rate of accuracy. 

Turnitin released AIWDC (Artificial 

Intelligence Writing Detection 

Capabilities) functionality in April 

2023. At the University of Reading, 

we have chosen not to activate this 

functionality yet. Before doing so, 

we need to be confident in its 

reliability and effectiveness, 

understand its limitations, and 

establish appropriate policies and 

guidelines for its use. Early use in 

the sector has shown that while 

Turnitin AIWDC can reasonably 

detect simple copy-pastes from 

basic AI prompts, its effectiveness 

decreases when common 

methods to evade AI detection are 

applied. Additionally, there is 

concern about 'false positives,' 

where a student's work is 

incorrectly identified as AI-

generated.  

We will keep a watching brief on 

these detection technologies, and 

consider if they have a role as part 

of a wider approach to AI. Turnitin 

themselves advise that teachers 

should not rely on detectors and 

“will need to apply their 

professional judgment, knowledge 

of your students, and the specific 

context surrounding the 

assignment" when considering if 

AI has been used. 

 

 

https://www.reading.ac.uk/cqsd/-/media/project/functions/cqsd/documents/ade/tandl-resources/prp-formative-assessment-and-feedback.pdf?la=en&hash=233271404745B31B77DEE2955AB0ECAD
https://www.reading.ac.uk/cqsd/-/media/project/functions/cqsd/documents/ade/tandl-resources/prp-learning-through-peer-and-self-assessment.pdf?la=en&hash=9BFE6A14A01195DF1DA4053B11FB295E
https://openai.com/blog/new-ai-classifier-for-indicating-ai-written-text
https://openai.com/blog/new-ai-classifier-for-indicating-ai-written-text
https://www.turnitin.co.uk/press/turnitin-turns-on-ai-writing-detection-capabilities-for-educators-and-institutions#:~:text=Oakland%2C%20Calif.%20%E2%80%93%20April%204%2C%202023%20%E2%80%93%20Starting,analyze%20and%20review%20the%20authenticity%20of%20academic%20work.
https://www.turnitin.co.uk/press/turnitin-turns-on-ai-writing-detection-capabilities-for-educators-and-institutions#:~:text=Oakland%2C%20Calif.%20%E2%80%93%20April%204%2C%202023%20%E2%80%93%20Starting,analyze%20and%20review%20the%20authenticity%20of%20academic%20work.
https://www.turnitin.co.uk/press/turnitin-turns-on-ai-writing-detection-capabilities-for-educators-and-institutions#:~:text=Oakland%2C%20Calif.%20%E2%80%93%20April%204%2C%202023%20%E2%80%93%20Starting,analyze%20and%20review%20the%20authenticity%20of%20academic%20work.
https://www.turnitin.com/blog/understanding-false-positives-within-our-ai-writing-detection-capabilities
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Exemplar assignment briefs for communicating use of GenAI in assessments 

 

Where the assignment is clearly Category 1,2 or 3 (but not a blend of categories), a simple 

tick box approach could be used: 

Use of Generative Artificial 
Intelligence (GenAI) tools  
 
*What do we mean by GenAI? 
GenAI tools create new 
content in the form of text, 
code, images, videos, music 
etc. The most common GenAI 
tools at the time of writing are 
ChatGPT, Copilot, Claude, 
Llama and Gemini. Please 
note that this list is not 
exhaustive. Please refer to the 
article here which frequently 
updates its list of well-known 
GenAI tools.    

There are three categories of GenAI use in assessments in operation at 
the University of Reading. The ticked box below indicates which 
category this assignment belongs to: 
 

☐ 1. GenAI tools cannot be used in any way in the 
assessment 

☐ 2. GenAI tools can be used to support learning and 
development (to sketch initial ideas, find sources, 
explore unfamiliar concepts, provide structure etc.) 

☐ 3. The use of GenAI tools is actively encouraged to help 
you develop your skills in the use of such tools and 
understand how their use can be incorporated into 
assessment tasks. Specifically: Enter text here 

 
If option 2. or 3. above is checked, you must include a statement to 
acknowledge your use of GenAI tools* within the assessment itself. 
 
This statement should be written in complete sentences and include 
the following information:   
• Name and version of the GenAI tool used; e.g. Copilot Chat   
• Publisher (company that provides the GenAI system); e.g. 
Microsoft  
• URL of the AI tool (if applicable)   
• Brief description (single sentence) of the way in which the GenAI 
tool was used   
• Confirmation that the work is your own   

 
For example:   

I acknowledge the use of Copilot Chat to generate an outline for 
background study. I confirm that no output generated by GenAI has been 
presented as my own work. 

 
Note: if you have not used GenAI tools to help with your assessment, 
you must still include a statement to acknowledge this fact, e.g. I 
declare that no GenAI tools have been used to produce this work. 
 
The misuse of GenAI tools, including the failure to appropriately 
acknowledge the use of such tools, is considered academic misconduct 
and carries sanctions, as detailed in the Assessment Handbook. 
 
Please also refer to student guidance on Using Generative AI Tools at 
University and GenAI and University Study  

  

  

https://medium.com/@maximilian.vogel/5000x-generative-ai-intro-overview-models-prompts-technology-tools-comparisons-the-best-a4af95874e94
https://www.reading.ac.uk/cqsd/-/media/project/functions/cqsd/documents/qap/9-academic-integrity-and-academic-misconduct-final.pdf
https://www.reading.ac.uk/essentials/Study/ai/using-generative-ai-tools-at-university
https://www.reading.ac.uk/essentials/Study/ai/using-generative-ai-tools-at-university
https://libguides.reading.ac.uk/generative-AI-and-university-study
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For a mixed Category 1 and 2 approach (this relates to the first assessment example on page 

7): 

Use of Generative Artificial 
Intelligence (GenAI) tools  
 
*What do we mean by GenAI? 
GenAI tools create new 
content in the form of text, 
code, images, videos, music 
etc. The most common GenAI 
tools at the time of writing are 
ChatGPT, Copilot, Claude, 
Llama and Gemini. Please 
note that this list is not 
exhaustive. Please refer to the 
article here which frequently 
updates its list of well-known 
GenAI tools.    

This assessment does not permit the use of GenAI tools during the in-
person professional conversation (which is the summative assessment 
for this module).  
 
However, you can use GenAI tools in a formative (practice) way to help 
you prepare for the summative assessment. For example, in the days 
leading up to the professional conversation, you might want to ask a 
GenAI tool (such as Copilot) to role-play the professional conversation 
with you, using prompts related to the assessment criteria to guide the 
role plays appropriately. You may also wish to use GenAI tools to help 
you develop any script or presentation slides that you deliver during the 
professional conversation. We will discuss these ideas further in class. 
 
You will need to acknowledge if and how you have used GenAI tools to 
prepare for the professional conversation at the end of your 
presentation. 
 
This acknowledgement should be presented to include the following 
information:  
 

• Name and version of the GenAI tool used; e.g. Copilot Chat   

• Publisher (company that provides the GenAI system); e.g. 
Microsoft  

• URL of the AI tool (if applicable)  

• Brief description (single sentence) of the way in which the 
GenAI tool was used  

• Confirmation that the work is your own  
 
For example:  

I acknowledge the use of Copilot Chat to explain how the Machine 
Learning models I have applied throughout this project work, which 
ones might be useful for the datasets we have been given to work with 
and to give me some ideas about how I could evaluate model 
performance when working with an imbalanced dataset. I confirm that 
no output generated by GenAI has been presented as my own work.  

Note: if you have not used GenAI tools to help with your assessment, 
you must still include a statement to acknowledge this fact, e.g. I 
declare that no GenAI tools have been used to produce this work. 

 

The misuse of Generative AI tools, including the failure to appropriately 
acknowledge the use of such tools, is considered Academic Misconduct 
and carries sanctions, as detailed in the Assessment Handbook.  
Please also refer to student guidance on Using Generative AI Tools at 
University and GenAI and University Study   
 

  

https://medium.com/@maximilian.vogel/5000x-generative-ai-intro-overview-models-prompts-technology-tools-comparisons-the-best-a4af95874e94
https://www.reading.ac.uk/cqsd/-/media/project/functions/cqsd/documents/qap/9-academic-integrity-and-academic-misconduct-final.pdf?la=en&hash=9F274E2823C4FA49E59F2963C2F69FB1
https://www.reading.ac.uk/essentials/Study/ai/using-generative-ai-tools-at-university
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For a mixed Category 1 and 2 approach (this relates to the second assessment example on 

page 11):  

Use of Generative Artificial 
Intelligence (GenAI) tools  
 
*What do we mean by GenAI? 
GenAI tools create new 
content in the form of text, 
code, images, videos, music 
etc. The most common GenAI 
tools at the time of writing are 
ChatGPT, Copilot, Claude, 
Llama and Gemini. Please 
note that this list is not 
exhaustive. Please refer to the 
article here which frequently 
updates its list of well-known 
GenAI tools.    

As explained earlier, there are two assessments for this module: a 
written project report (coursework) worth 60% of the overall module 
grade, and an in-person data science skills exam worth 40% of the 
module grade. You will complete the project first and this will help you 
learn and prepare ahead of the exam. 
 
You are not allowed to use GenAI tools during the data science skills 
exam.    
 
However, you are allowed to use GenAI tools to help you develop the 
project and you will need to acknowledge how you have used GenAI at 
the end of your project report with a clear statement. 
 
This statement should be written in complete sentences and include the 
following information:  
 

• Name and version of the GenAI tool used; e.g. Copilot Chat   

• Publisher (company that provides the GenAI system); e.g. 
Microsoft  

• URL of the AI tool (if applicable)  

• Brief description (single sentence) of the way in which the 
GenAI tool was used  

• Confirmation that the work is your own  
 
For example:  

I acknowledge the use of Copilot Chat to explain how the Machine 
Learning models I have applied throughout this project work, which 
ones might be useful for the datasets we have been given to work with 
and to give me some ideas about how I could evaluate model 
performance when working with an imbalanced dataset. I confirm that 
no output generated by GenAI has been presented as my own work.  

Note: if you have not used GenAI tools to help with your assessment, 
you must still include a statement to acknowledge this fact, e.g. I 
declare that no GenAI tools have been used to produce this work. 

 

The misuse of Generative AI tools, including the failure to appropriately 
acknowledge the use of such tools, is considered Academic Misconduct 
and carries sanctions, as detailed in the Assessment Handbook.  

Please also refer to student guidance on Using Generative AI Tools at 
University and GenAI and University Study   

 

  

https://medium.com/@maximilian.vogel/5000x-generative-ai-intro-overview-models-prompts-technology-tools-comparisons-the-best-a4af95874e94
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For a mixed Category 1,2 and 3 approach (this relates to the third assessment example on 

page 12): 

Use of Generative Artificial 
Intelligence (GenAI) tools  
 
*What do we mean by GenAI? 
GenAI tools create new 
content in the form of text, 
code, images, videos, music 
etc. The most common GenAI 
tools at the time of writing are 
ChatGPT, Copilot, Claude, 
Llama and Gemini. Please 
note that this list is not 
exhaustive. Please refer to the 
article here which frequently 
updates its list of well-known 
GenAI tools.    

As explained earlier, there are two assessments for this module: a 
continuously monitored project (coursework) worth 80% of the overall 
module grade, and an in-person presentation of the project worth 20% 
of the module grade.  
 
You are not allowed to use GenAI tools during the presentation, 
however, you can use GenAI tools in a formative (practice) way to help 
you prepare for it. We will talk more about this in class. You will need to 
acknowledge if and how you have used GenAI tools to prepare for the 
your presentation with a statement (see below). 
 
For the project, you are required to use GenAI tools because your use 
of GenAI tools will be marked (see assessment criteria 1,2 and 4). Please 
be assured that the assessment has been designed to evaluate GenAI 
use fairly regardless of which GenAI tool you use. You will need to 
acknowledge how you have used GenAI at the end of your project 
report with a clear statement. 
 
Statements acknowledging the use of GenAI for the project (and 
possibly during the preparation of the presentation) should be 
presented in complete sentences and include the following 
information:  
 

• Name and version of the GenAI tool used; e.g. Copilot Chat   

• Publisher (company that provides the GenAI system); e.g. 
Microsoft  

• URL of the AI tool (if applicable)  

• Brief description (single sentence) of the way in which the 
GenAI tool was used  

• Confirmation that the work is your own  
 
For example:  

I acknowledge the use of Copilot Chat throughout my project in order to 
meet the assessment criteria for this assignment. I confirm that no 
output generated by GenAI has been presented as my own work.  

The misuse of Generative AI tools, including the failure to appropriately 
acknowledge the use of such tools, is considered Academic Misconduct 
and carries sanctions, as detailed in the Assessment Handbook.  

Please also refer to student guidance on Using Generative AI Tools at 
University and GenAI and University Study   

 

NOTE: If the assessment includes category 2 or 3, it is recommended that students are clearly 

instructed to confirm they have included a statement acknowledging their use of GenAI.  Individual 

Schools can choose how to enact this. It could be part of a coversheet as part of their submission.  
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